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Questions in Sales and Marketing %

How do we sell a portfolio

of diabetes products?
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Data Sources %

« Patient Longitudinal Data

« Health Care Professional Data

* Wholesaler Distribution/Inventory Data
* Market Research Data

* Marketing Touchpoints Data
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Modeling Process
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Touchpoint Contributions to NRX
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Design/Build Phase — Selection of Data Level
Analysis on disaggregated data with random effects yields insight
refinement
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Aggregate Touchpoint Impact vs Customer
Experience ,,%Zey

While the models will produce

a result that can be summarized
as a “total Trx contribution”

of each touchpoint...

...the reality is that “total
conftribution”

IS an aggregation of a unique set
of touchpoint impact experiences
that vary by customer




Some Pitfalls

® Divorce rate in Maine
» Per capita consumption of margarine (US)
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Some Pitfalls O%Zey

The Real Gause of Polio!

Polio Rates / Ice Cream Sales 1949
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Eliminating ice cream was recommended
as part of an anti-polio diet!
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Remedy: Prospective Test-Control gZey

« Gold standard method of determining effectiveness
* Only way to scientifically prove cause-and-effect relationships

« The process of randomization into test groups and control groups
guarantees that the observed difference between them must be due to
the treatment, and no other extraneous factors

Test Group

Randomize

Control Group
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Remedy: Retrospective Match-Control ‘%Zey

Next best option to prospective test-control
Does NOT guarantee cause-and-effect relationships, but gets us closer

The idea is that for each customer in the test group, we find a “twin”
customer that did not receive the treatment (“control” group)

“Twins” are customers that are similar to the test customer based on
the criteria that we specify (historical Rx behavior, Details, emails, etc.)

Test Group

sl 55 Approximate “Control” Group
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Conclusions Lte,

« Vast amount of data in healthcare space
available for drawing insights

* We need to understand how to use it
properly

* Right data, even If not big, can be more
valuable than Big data that Iis not right

* While data Is useful, smart analytics Is
needed to make the data come alive
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